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Adaptivity and Background Knowledge
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Object Recognition
® Prof. Kropatsch, Vienna University of Technology
® Prof. Latecki, Temple University of Philadelphia
® Prof. Paulus, University of Koblenz-Landau
® Prof. Pizlo, Purdue University, West Lafayette
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Multimedia Retrieval
® Prof. Izquierdo, Queen Mary University of London
® Prof. Riiger, Open University
® Prof. Uehara, Kobe University

Image Understanding
® Prof. Haas, Joanneum Research in Graz
® Prof. Staab, University of Koblenz-Landau



New Research Field - Biometry

Driver Condition Monitoring with Smartphones

® Assessment of Smartphone Sensors for Driver Condition Monitoring
® Driver Profile Learning from Multimodal Smartphone Sensory Data
® Runtime Automatic Driver Condition Recognition

Conclusions ® New Promising Collaboration with Prof. Krajewski, University of Wuppertal

Human Identification using Palm-Vein Images

® Robust Sensory Setup for Acquisition
® Graph-Based Matching for Similarity Measure
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